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“In 2021, Al augmentation will generate $2.9
trillion in business value and recover 6.2

billion hours of worker productivity” -
Gartner



Forrester projects that nearly every

. . . . Yes
enterprise will leverage Al in five years a0
51%
Q.A13: What are your firm's plans to use the following analytics technologies?
(Artificial intelligence) 40%
No
29%
23% 25%
19% 20% 20%
6% 7% %
Don't know Not interested/no Planning to implement  Implementing, implemented
immediate plans within the next 12 months or expanding

Base: 2094, 2106%*, 1742 * data and analytics decision-makers

Source: Forrester Data Global Business Technographics® Data And Analytics Survey, 2016, 2017, 2018



What is Al?

Machine Learning Deep Learning




Al researchers predict that Pure Al has a 50% chance of being
achieved in 125 years

Number of years from 2016
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Write New York Times Best-Seller -

Retail Salesperson 4

Go (Same Training as Human) 5

Source: When Will Al Exceed Human Performance? Evidence from Al Experts; May 30, 2017
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Focused Al, iIs narrow Iin scope and can
exceed human intelligence.




Business of Artificial Intelligence

“Over the next decade, Al won’t replace managers,

but managers who use Al will replace those who don'’t.

“Business of Artificial Intelligence” by Harvard Business Review

Source: https://hbr.org/cover-story/2017/07/the-business-of-artificial-intelligence
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IBM Analytics University 2018



Only of companies surveyed have implemented Al into some of their

processes
- MIT Sloan

70% of business executives rated it as “very” or “extremely important”, but just

say they have achieved “broad positive results”

- The Economist



The keys to turning Al aspirations into outcomes

DATA

The lifeblood of Al, but
complexity slows progress

: 60%
Are challenge in
managing data quality

TALENT

Al skills are rare
and in high demand

fEEEE 62%

R Are challenge to acquire
HEE =2 talent [and build skills]

TRUST

Skepticism of Al systems
& processes

am L]

HEEE 62%

il Need an approach to
a5 Al production readiness

Based on 2019 Forrester “Challenges That Hold Firms Back From Achieving Al Aspirations”

Stuck in
Experimentation

51% find operationalizing, sustaining
and scaling Al challenging




Challenge #1: Data headaches

e Data silos

* Moving data is costly, risky, and
slow

* Accessing various data sources
requires complex coordination

e Lack access to data for Data
Scientist



Challenge #2: Talent Shortage

e Scarcity in data science
practitioners

* Inconsistent hiring standards given
with diversity in skill levels

» Skills vary from one practitioner to
another

* High turn over, Loss of IP and
progress



Challenge #3: Al operationalization

* Lack of understanding and trust

e Difficulty in integration and support
efforts

e Security, scalability, governance
constraints

e Excludes humans in process



IBM Data Science and Al Elite Team

Meet the
Experts

Who are we?

A global and diverse
team of Data Science
and Al experts with
deep knowledge of all
aspects of Al/ML.

Work side by side with YOU to achieve business impact

95

Data Scientist

160+

Client Projects

42+

Countries



How we approach Al for business
Operationalizing Data Science and Al

Four elements are
required to

effectively use Al .
for Enterprise Use Case Agile




How we take Al Journey

An agile approach

Plan

* Use Case Discovery
* Data Discover

* Agile Team Building

15 2018 IBM Corporation 26 March 2020 IBM Data Science Elite

Proof of Value

Garage Approach

2 to 3 Coding Sprints

Minimal Viable Product

Integrate in business workflow

Al Ops, IT, Staffing, Etc.




DSE Engagements across all Industries

The Data Science & Al
Elite Team has
engaged with a broad
spectrum of
industries

Cross industry experience
brings a unique perspective,

additional skills, and a broad
array of methodologies

Financial & Insurance

Telecom, Media, Entertainment, Energy
& Utilities

Industrial, Automotive, Oil & Gas

Computer Services Industry

Retail, CPG, Travel & Transportation

Federal, Aerospace, Defense Healthcare
& Life Sciences
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Agile Sprint Development — Typical Prototype

Kick-Off
* Collect Data
* Confirm expected

Pre-Engagement
* Use Case workshop
* Approach Review

Sprint 1
* Virtualize & Clean data
* Data Definition/ engineering

Operationalize

MVP Field Test
Business Integration
Al Ops

* Tools Review outcomes Sprint 2
* Data deep dive workshop * Design approach
* Develop, test and train Models
Sprint 3
* Deploy/Test Models
* Validate results
Project Start Al Sprints
Typically 1-2 weeks 3 -6 weeks
\ \
[ \f
Sprint 0 Sprint 1 - Sprint 2 < Sprint 3 - Operationalize
= 2 2 2
2 & 4 &
S = = =
4 = = =
7 ) B

IBM Confidential
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Tools - Open Source Ecosystem

@

= @ B @studio

SPYDER

@ python @

@ learn Caffe

& hErREED P

ostgreSQL

kubernetes G

docker

Interfaces

Languages

Al Frameworks

Storage

Virtualization

Infrastructure
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Modeling - Al Life Cycle

Ingest
\A

Feedback

Consume

Publish

Explore

Cleanse

Engineer Features

Tune & Test
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Skills - Cross Functional Team

Codifying problem and metrics

v

Data collection and cleaning

v

Feature engineering

v

Model training and tuning

v Al

Model validation
+ Jordan

Riley

Parker

Model deployment Taylor ‘ .
®
v

Monitoring, validation Figure 3-2. Matrix to assess team skills versus project needs




Pioneering Agile Al for Business

One use case at a time...

Use Case

Articulate Use
Case - Source
of Value

Tools

Apply latest Al
Technologies

Data and Techniques

Unlock Data &
Break Down
Silos

P

Mindset \ i y
Build an open, ~
collaborative and

Data Science team

Integration & Trust
Integrate Al in your
business workflow and
Applications

Agile

Create an Agile process to
iterate use case development,
Winning with Al is based on

Rate and Pace of projects
21
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http://ibm.biz/agile-ai

Client Examples

Helping enterprises put Al to work.

<,
—r

ELECTRICA
DE ESPANA

FANTASY

KPMG

Network failure
predictions and
optimization of
recovery reduces
excess capacity by
35%

Predict power demand
and optimize for
renewable energy

Surface hidden
insights to optimize fantasy
football outcomes

Ensure predictability of
tax, audit & advisory
services

Aty
[HARLEY-DAVIDSON|
QU

Optimized use of resources
and reduced costs associated
with network repairs and

dispatch of technicians

Improved customer
retention by
understanding the
customer journey

Predict and target
first-time buyers in
the US

Optimized procurement
management saves $150M
per year

group™

| I
sexperian.

Reduced
customer churn
through targeted
actions

Optimize the
targeting and timing
of ads

Predict what credit
files will fail
automated
scanning

Predict savings
capacity to
optimize next offer



CASE STUDY

IBM’S Data Science and Al
Elite Helps Banco Macro
understand their Customer

BENEFIT

Increased Customer
base and retention

3-4x increase in
campaign response
rate




Banco Macro Al Journey




Banco Macro Al Architecture for the Future...

End Users

IBM Watson Studio

= GO o st - e

Mobile
Customers

IBM Watson Campaign Automation

Al Platform

IBM Watson Studio &

Watson ML

O oo O oo

O o ' JENEXXXXN
5 3

IBM Power
.......... o scce O
.......... o scce O

o o

Dev Ops — Governance - Security

2b

DEYE

Flat file and
Unstructured

Amazon Cloud 0
Object Storage B

Amazon Elastic

Map Reduce ‘
np

IBM Pure Data for
Analytics &
Other Databases



Ned Bank Al Journey




“Even with a team of experienced data scientists

IBMIS Data Science Ellte on the ground, IBM was able to augment my

team, provide strong technical leadership, and

hel PS Opt| mize put in place a strong practice to set us up for

, quick delivery, but also enabling us for success in
Nedbank’s ATM the future.”
Experience Guy Taylor, Head of Data & Data-Driven

Intelligence, Nedbank

USE CASE UNIQUE CHALLENGE BENEFIT

Provide fully Difficult to predict Improve customer
functional ATMs , machine fault experience,

Better predict cash- category

Reduce planning

Lengthy planning . #® cycle

fa|Iu_res, Ogt'm'ﬁe cycle due to uncertain
service and cas travel times,

replenishment custodian skills &
<chediilec S

outs & machine




IBM'’s Data Science Elite helps Experian
improve matching corporate entities for

credit scoring

USE CASE

Experian maintains 5000+ corporate hierarchies and
have a significant backlog of unmatched entities that are
manually reviewed. IBM seeks to:

Improve the current matching method using Deep
Learning both in terms of speed and error rate

Reduce the manual labor of maintaining their current
hierarchies

UNIQUE CHALLENGE

Matching millions of
entities with low error rate

Sub-setting the matching
problem into manageable
blocks for matching and
retraining

BENEFIT

Improve matching speed
and data quality of
hierarchies allowing more
coverage while reducing
cost.



“Within 90 days, we had
a proof of concept, the
results of which had
demonstrated that we
could improve our
coverage by 500% and
lower our costs by 80%.”

— Joni Rolenaitis,
Chief Data Officer
BIS - Experian

https://www.ibmbigdatahub.com/blog/voice-client-how-experian-using-ai-transform-business



Pioneering Agile Al for Business

One use case at a time...

Mindset !,
Build an open,
collaborative and
Data Science team

To Accelerate Al,
You need right
Platform

Integration & Trust

Integrate Al in your
business workflow and
Tools Applications

Apply latest Al
Technologies
Data and Techniques

Unlock Data &
Break Down

Silos
Use Case

Articulate Use
Case - Source
of Value

Agile
Create an Agile process to
iterate use case development,
Winning with Al is based on
Rate and Pace of projects
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The Al Ladder — Scale, Speed and Simplicity..

A prescriptive approach to accelerating the journey to Al

A '
2l \ Y 4
Q INFUSE — Operationalize Al with trust and transparency
. ~ e

ANALYZE - Scale insights with Al everywhere

ORGANIZE - Create a trusted analytics foundation

COLLECT - Make data simple and accessible

- 5 MODERNIZE
= -.. -
Data of every type, regardless ,.'._'-;- .'--.'_ o, your data estate for an
ofwhereitlives &= g+e Al and multicloud world

EY)



IBM’s Al Portfolio

Everything you need for Enterprise Al, on any cloud

The Ladder to Al

LY,
~ 4

Unlock the value of your data and
accelerate your journey to Al

Prepare Build
Watson Watson
Knowledge Studio
Catalog

Multicloud Data & Al Platform

Cloud Pak for Data
7S e cloud aws A Azure & ©_o (i) I1BMZ  18MPowerSystems



Cloud Pak for Data

Delivers the foundational platform for deploying an information architecture for Al, on any cloud

Eliminate data silos,
connect all data

Cloud Pak for Data

A set of unified, pre-integrated data and Al services delivered
within an open and extensive cloud native platform

Automate and govern Vi
. Al
the data & Al lifecycle S @ <>
Collect Data Organize Data Analyze Data Infuse Al
Operationalize Al with Cloud-native container
trust & transparency Red Hat platform & operational services
OpenShlft Logging, monitoring, security,

identity access management

AT

Avoid lock-in, run E‘
anYWhere With agility \\/I_j IBM Cloud aws_’ AAZUI'E 6 Hyperconverge:i

Private Cloud System



Open source to the core

The most open, enterprise-grade
data & Al platform on the planet! ”"t \ " /

The innovation & skills of Open
Source Communities \

£ 7\ App ?; Data = Data 3¢ o
Y Custom Extanafons [:‘l& Davelopers ;{B Engineers ??5\ Stewards L Scientists

- Unified Data & AI Microservices
Open by Design [ colect |
A m O d e r n i n fo r m at i O n lc\:'zn:ielat::ee MIC:’O ser\:mes Contalnerlz‘::ilorkloads Multicloud Provisioning
architecture meets open
source, on any cloud, Data Oren Soufc:
WO rkl n g as one Cloud Open Source: docke kubernetes
RedHat
OpenShift

S e
7 temcioud aws AAzre &Y S



1BM

Design
Thinking

by DSE Team

Learn more

ibm.com/community/dse
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« Thank you!

Carlo Appugliese

IBM Data and Al, Program Director
Data Science Elite Team
Carlo.Appugliese@us.ibm.com
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