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Change-point Detection and
Failure Analysis of Sensor Data Using Sparse Structure Learning
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Most of the practically important failure analysis problems require advanced technologies for multivariate

sensor data that is highly correlated and dynamic. In spite of its industrial importance, however, few

methodologies are known for handling these particular types of data. In this paper, we propose a method

based on sparse structure learning for detecting essential changes in the system (change-point detection) and

for scoring the contribution of the individual variables to the changes. Using realistic automobile data, we

demonstrate the utility of our method through a failure analysis task that is known to be hard even for

experienced engineers.
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